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Estimating the Performance of �
Predictive Models

Why bother?



①  Generalization Performance
②  Model Selection
③  Algorithm Selection
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Performance Estimates
– Absolute vs Relative 



①  Generalization Performance
②  Model Selection
③  Algorithm Selection



Sources of Bias and Variance
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Pessimistic Bias



* SoftMax Classifier on a small MNIST subset
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Pessimistic Bias

Variance
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* 3-NN on Iris dataset



* 3-NN on Iris dataset
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The law of parsimony �
1-standard error method



The law of parsimony �
1-standard error method
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Beyond Performance Metrics
Ideal features that are ...

•  discriminatory
•  salient
•  invariant
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In Knowledge Discovery and Data Mining (KDD).
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